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Abstract :
Purpose: The purpose of this study was to examine the impact of :
machine-learning predictive algorithms on sociology. By introducing and :
implementing an innovative framework based on transfer learning and :
multi-environment data collection, this research adopts a hybrid approach to :
explore the potential of modern algorithms for analyzing social issues across :
diverse cultural and economic contexts. Unlike previous studies that were :
largely limited to a single society or dataset, the proposed approach— :
through the integration of supervised learning models and transfer learning— :
enables the generalization of findings from one society to another. Data were :
gathered from various cross-cultural sources and, following adaptive :
preprocessing, algorithms such as Random Forest, Neural Networks, Support
Vector Machines, and Logistic Regression were applied. :
Findings: The results not only demonstrate the superior performance of :
these algorithms within heterogeneous social environments but also highlight :
the relationships among cultural and economic variables and the social :
interpretation of predictive models. The innovative contributions of this :
study lie in the use of transfer learning, cross-societal validation, and :
culturally sensitive algorithmic analysis, offering a new pathway for :
data-driven research in sociology and supporting the development of :
evidence-based policymaking and social justice. :
Conclusion: The rapid growth of big data and the advancement of :
machine-learning algorithms in recent years have laid the foundation for a :
significant conceptual and methodological shift within the field of sociology. :
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